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DNA Structure

Chromosome
Nucleosome

Nucleotide

Nucleotide
base pairs:

B Guanine
- Cytosine

Adenine
B Thymine

© 2015 Terese Winslow LLC

https://siteman.wustl.edu/glossary/cdrO0000046470/ U.S. Gowt. has certain rights
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grain of rice

coffee bean

12x8 mm
sesame seed
: 12 pomnt
Times regular,
Meter Centimeter Millimeter Micrometer Nanometer Angstrom Picometer
10°m 102 m 103 m 10%m 10°m 10%m 102 m
im 001 m 0.001 m 0.000001 m 0.000000001 m 0.0000000001 m 0.000000000001 m
17100 m 171,000 m 171,000,000 m 1/1,000,000,000 m  1/10,000,000,000 m 1/1,000,000,000,000 m
hundreth of a meter thousandth of a meter millionth of a meter billionth of a meter ten billionth of a meter trillionth of a meter

http://learn.genetics.utah.edu/content/cells/scale/
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Presenting this knowledge to non-experts
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...AACCTTTACATTAAACTGGGACCCGG... Individual #1
...AACCTTTACATTATACTGGGAGCCGG... Individual #2

...CTAAACCACATTATACTGGGACCCGG... Individual #N
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ndividua
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...CTAAACCACATTATACTGGGACCCGG... Individual #N

Human genomes are 99.5% similar
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Principal component analysis of the combined autosomal genotypic data of individuals from Russia and seven European
countries (Finnland, Estonia, Latvia, Poland, Czech Republic, Germany [5] and Italia [22]). Khrunin et al.
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# | 0 29 34
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Neuroimaging
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Neuroimaging
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Neuroimaging

EEG Signal
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Soft Introduction to Brain-Computer Interfaces
by llya Kuzovkin (www.ikuz.eu)
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Accurate classification of protein subcellular localization from
high throughput microscopy images using deep learning. Parnamaa et al.
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Data Integration for
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'S the key challenge







100%
Human

are -

p ©
§ 40%
38%

44%

and them.

50%



and them.






and them.



18%

20%
Fruit fly L
T 30%

38%

44%

and them.



18%

20%

and them.



18%

20%
Fruit fly L
T 30%

44%

and them.



18%

20%
Fruit fly L
T 30%

44%

and them.



Fruit fly

18%

20%

30%



18%

20%

30%

Fruit fly

and them.



Fruit fly



Fruit fly



Fruit fly

and them.



Fruit fly






¢’-—-.-
"

' When is dlnner

B I I "“h

Q--. "-::—‘ ---h..~ Newborn ‘ ' J t 5‘ “‘-_-..~
! ante From ‘. PhD  lam=meag wt ' e y Can s
', * 1 -? '

' ‘ <
E . follows.... ! writing... s - - - ="
fmmme”™ e - - - ~ -~

What a hellam'|
' doing here? :

\
o

“*dmytro@ut.ee

QUreTEC


mailto:dmytro@ut.ee

Rocket science is for kids
Bioinformatics is for scientists

(L[ Do




